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ABSTRACT

AbusoGAN is a sophisticated surveillance 

system that applies deep learning techniques 

to identify abuse, illegal behavior, and 

unusual activity in video feeds. By 

integrating Generative Adversarial Networks 

and Convolutional Neural Networks, it 

processes security footage and automatically 

identifies unusual activities. The process 

includes extracting frames from uploaded 

videos and processing them using trained AI 

models to identify unusual activities. A 

secure web interface is used for user login 

and provides real-time prediction output. It 

reduces manual surveillance and improves 

prediction accuracy, providing a detailed 

description of activities and video playback 

for confirmation. 

KEY WORDS: Deep Learning, Surveillance 

System, GAN, CNN, Activity Detection, 

Computer Vision, Abnormal Behavior 

Detection. 

INTRODUCTION 

Surveillance systems are an important 

component of the current security in public 

areas, schools, transportation hubs, and smart 

cities. They generate massive video data that 

needs to be constantly monitored to identify 

abnormal behavior. In the past, it was done by 

human observers, but this is time-consuming 

and prone to missing out on important details. 

With the increasing number of cameras, 

manual monitoring of the system is not 

feasible. Therefore, intelligent automated 

surveillance systems using Artificial 

Intelligence and Deep Learning techniques are 

becoming essential for real-time monitoring 

and threat detection. These systems improve 

accuracy, reduce human effort, and enable 

faster responses to suspicious activities and 

emergency situations. The development of 

artificial intelligence and computer vision has 

enabled the automation of surveillance 

systems, allowing for the accurate 

identification of  
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GANs that identifies abuse, illegal behavior, 

and suspicious activity in video streams. The 

system analyzes video frames using deep 

learning models and provides automated 

outputs. 

LITERATURE REVIEW 

Recent breakthroughs in artificial intelligence 

and computer vision have enabled the 

development of automated surveillance 

systems. These systems can process video 

streams without human supervision. In the 

past, traditional image processing and 

manually designed features were employed.  

However, these approaches were difficult to 

scale and less accurate. Deep learning has 

enabled the use of Convolutional Neural 

Networks (CNNs) to enhance image and video 

classification through the automatic learning 

of valuable features. Generative Adversarial 

Networks (GANs) have also assisted in the 

detection of unusual events by learning typical 

and unusual data patterns. Some research has 

combined CNNs with approaches that learn 

from time to demonstrate the ability to identify 

activities in video streams. 

RELATED WORK 

There have been a few research on 

automatic anomaly detection of 

surveillance videos employing deep  

 

learning. CNNs are widely applied for action 

recognition since they extract good features. 

GANs assist in the detection of abnormal 

patterns by learning the typical appearance of 

data. Weakly supervised and unsupervised 

approaches have been adopted to reduce the 

dependence on labeled data. Some research 

applies recurrent networks to capture time in 

video analysis. Despite the progress, most of 

the current systems are only applicable to 

particular datasets or controlled settings. This 

indicates the requirement for scalable and 

feasible surveillance solutions such as 

AbusoGAN. 

EXISTING SYSTEM 

 

Conventional surveillance systems rely on 

human observers to monitor the screens. The 

security personnel monitor the screens 

continuously to identify any suspicious 

behavior, but this makes them lethargic and 

less responsive.  

Some conventional systems rely on simple 

motion detection, which simply detects the 

motion but does not interpret it. They fail to 

detect complex events such as violence and 

theft. It is inefficient to monitor multiple 

camera feeds simultaneously. This makes the 

system less accurate and less responsive to 

incidents. This highlights the need for 

intelligent AI-based surveillance systems. 
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PROPOSED SYSTEM 

The proposed AbusoGAN system is an AI-

based surveillance system that automatically 

detects abuse and suspicious events in video 

recordings. The system processes security 

videos via a safe web interface and applies 

computer vision to analyze the videos. The 

system pre-processes video frames and 

analyzes them using a deep learning model 

assisted by GAN. The generative network 

enhances the learning of features and improves 

the model’s ability to detect anomalies. A CNN 

classifier determines the activity being 

performed and predicts the outcome. The 

system provides activity names, descriptions, 

and recommendations. Video playback is 

enabled to confirm the accuracy of the results. 

SYSTEM ARCHITECTURE 

 

 

Fig 1: System Architecture 

METHODOLOGY 

The process involves a straightforward and 

step-by-step workflow. The process begins 

when a video is uploaded via the web 

interface. The video is then processed frame by 

frame for analysis. The frames are 

preprocessed to normalize, resize, and 

rearrange them according to what the deep 

learning model requires. The trained model 

examines each frame to identify abnormal or 

suspicious activity. GAN-assisted learning 

enables the model to identify features more 

easily, making it simpler to distinguish 

between normal and abnormal activities. A 

CNN-based classifier is then used to predict 

and classify the activities. The output is 

presented on a web page with labels, 

descriptions, and valuable insights of the 

activities. The optimized preprocessing and 

fast inference ensure that the performance is 

consistent and detection is fast. 

RESULTS AND DISCUSION 

 

Fig.2: Home Page 

 

The homepage presents a clean and visually 

appealing interface displaying the project title 

and description. It includes About, Sign In, and 

Sign Up buttons for easy navigation. 
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Fig.3: Sign In & Sign Up Pages 

 

The Sign Up and Sign In pages provide a 

secure authentication interface for user 

registration and login. Users can create a new 

account or enter valid credentials to access the 

AbusoGAN system. 

 

 

Fig.4: Video Upload Page 

 

The video upload page provides a simple 

interface for submitting surveillance videos for 

analysis. Users can choose a video file and 

start the detection process using the Analyze 

Video button. 

Fig.5: File Selection Dialog 

 

The file selection dialog allows users to 

browse and choose a surveillance video from 

local storage. The selected file is displayed 

before initiating the detection process. 

 

 

 

Fig.6: Detection Result Page 

 

The detection result page shows the predicted 

activity with description and remedy. It also 

includes video playback for result verification. 
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CONCLUSION AND FUTURE 

ENHANCEMENTS 

Conclusion 

ABUSOGAN effectively uses GAN-based deep 

learning to detect abuse, unlawful activities, 

and suspicious behavior in real-time 

surveillance. It identifies anomalies by 

learning normal patterns, reduces manual 

monitoring, and improves security response 

with accurate, automated alerts. The system is 

scalable and suitable for modern surveillance 

applications. 

Future Enhancements 

Future improvements include training with 

larger datasets for better accuracy, adding 

audio analysis for multimodal detection, and 

using edge computing for low-latency 

performance. Integration with IoT systems, 

explainable AI, and privacy-preserving 

techniques can further enhance reliability and 

ethical deployment. 
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