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Abstract— The rapid spread of infectious
diseases across regions highlights the need for
early and accurate outbreak prediction systems.
This study presents an Al-driven predictive
analytics platform designed to forecast global
disease outbreaks using data collected from
multiple  sources. The system gathers
information from social media news, historical
records, and climate-related data to build a
comprehensive dataset. Since real-time data
access through APIs is often limited, the
required data is collected, stored, and
maintained locally for analysis. Textual data
from social media is processed using natural
language techniques to remove noise and extract
meaningful information.  Additional pre-
processing steps such as handling missing
values, normalization, and feature scaling are
applied to improve data quality. The processed
dataset is then used to train machine learning
models including Random Forest, Decision Tree,
and Neural Networks. Each model is evaluated
using metrics such as accuracy, precision, recall,
and F1l-score. Experimental results show that
the Neural Network model achieves the highest
prediction accuracy. Visualization techniques
are used to analyse disease distribution and
affected regions. A Flask-based web application
is developed to provide a user-friendly interface
for real-time prediction. The system allows users
to input news text along with climate conditions
to predict possible disease outbreaks. The
results demonstrate the effectiveness of
combining text analytics and climate data for
disease forecasting. Overall, the proposed
platform offers a practical solution for early
detection and prevention of infectious diseases.

Keywords—  Artificial Intelligence, Disease
Outbreak Prediction, Predictive Analytics,
Machine Learning, Neural Networks, Random

Forest, Decision Tree, Natural Language
Processing, Social Media Data.

I. INTRODUCTION

The rapid increase in global connectivity and
environmental changes has significantly influenced
the spread of infectious diseases across different
regions [2]. In recent years, outbreaks such as
COVID-19, Zika virus, and Ebola have
demonstrated how quickly diseases can move from
one location to another [10]. These outbreaks not
only affect public health but also disrupt economic
stability and social systems. Early detection and
prediction of disease outbreaks have become
essential to reduce their impact [13]. Traditional
surveillance systems rely heavily on manual
reporting, which often leads to delays in response.
As a result, there is a growing need for intelligent
systems that can analyse data in real time and
provide early warnings. With the availability of
digital data from various sources, it is now possible
to monitor disease trends more effectively.
However, handling such large and diverse data
requires advanced computational techniques. This
has led to the adoption of artificial intelligence in
healthcare analytics [19]. The integration of Al
offers new possibilities for improving outbreak
prediction and response strategies.

Artificial intelligence and machine learning have
emerged as powerful tools for analysing complex
datasets and identifying hidden patterns [15]. These
technologies can process large volumes of
structured and unstructured data efficiently. In the
context of disease prediction, machine learning
models can learn from historical data and identify
factors that contribute to outbreaks. Social media
platforms have become a valuable source of real-
time information, where users share updates about
health conditions and local events. Similarly,
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climate data such as temperature and humidity
plays a significant role in influencing disease
transmission [7]. By combining these data sources,
it becomes possible to develop models that can
predict outbreaks with higher accuracy. Machine
learning algorithms such as Decision Tree, Random
Forest, and Neural Networks are widely used for
such tasks [16]. These models can adapt to new
data and improve their performance over time. The
use of Al in this domain helps in reducing human
effort and improving decision-making processes.

Despite the advantages of using Al, collecting and
managing data from multiple sources presents
several challenges [1]. Accessing real-time data
often requires APl keys, which may be limited or
available only for a short duration. This creates
difficulties in maintaining a continuous data
pipeline for analysis. To overcome this issue, the
proposed system collects and stores data locally
from various sources such as social media and
climate datasets. This ensures that the system can
function independently without relying on external
APIs. However, the collected data may contain
noise, missing values, and inconsistencies.
Therefore, proper pre-processing techniques are
necessary to clean and prepare the data for analysis.
Text data, in particular, requires special handling
using natural language processing methods.
Techniques such as stop word removal, stemming,
and lemmatization are applied to improve data
quality. These steps are essential to ensure that the
machine learning models receive accurate and
meaningful input [3].

The proposed system focuses on building a
predictive platform that integrates data processing,
machine learning, and web-based interaction.
Initially, the dataset is analysed and processed
using tools such as Jupyter Notebook, which allows
efficient data exploration and visualization. Various
pre-processing steps such as handling missing
values, normalization, and feature scaling are
applied to enhance data quality. After pre-
processing, the dataset is divided into training and
testing sets to evaluate model performance.
Multiple machine learning algorithms, including
Random Forest, Decision Tree, and Neural
Network, are trained using the processed data. Each
model is evaluated using performance metrics such
as accuracy, precision, recall, and F1-score. The
comparison of these models helps in identifying the
most suitable approach for outbreak prediction. The
Neural Network model shows better performance
due to its ability to capture complex patterns in the
data [16]. This highlights the importance of
selecting appropriate algorithms for predictive
tasks.

In addition to model development, the system also
includes a user-friendly web application for real-
time prediction. A Flask-based interface is
developed to allow users to input news descriptions
along with climate-related information. The
application processes the input data and predicts
the possible disease outbreak based on trained
models. This provides a practical tool that can be
used by health authorities and researchers. The web
interface ensures easy accessibility and quick
response for users. It also demonstrates how
machine learning models can be integrated into
real-world applications. The ability to predict
outbreaks based on simple inputs makes the system
highly useful. Furthermore, the visualization of
results helps users understand the prediction
outcomes clearly. This integration of backend
processing and frontend interaction enhances the
overall usability of the system [11].

Overall, the proposed approach highlights the
importance of combining multiple data sources and
machine learning techniques for effective disease
outbreak prediction [4]. The system demonstrates
how Al can be used to analyse complex data and
provide meaningful insights. By leveraging social
media and climate data, the model improves its
ability to detect early signs of outbreaks. Although
challenges such as data quality and availability
exist, the proposed solution provides a practical
framework for addressing these issues. Future
improvements may include incorporating real-time
data streams and advanced deep learning models.
The approach can also be extended to other
domains where prediction and analysis are
required. As technology continues to evolve, such
intelligent systems will play a key role in
improving public health management [12]. This
study contributes to the growing field of Al-driven
healthcare solutions and highlights its potential for
global impact.

Il. RELATED WORK

Liao et al., [2024] [1] Liao and colleagues explored
the relationship between climate change and the
rise of emerging infectious diseases. Their study
examined how environmental changes create
favourable conditions for the spread of new
pathogens. They highlighted the role of advanced
technologies in monitoring and controlling disease
outbreaks. The authors discussed how climate-
driven variations influence disease transmission
patterns across regions. They also emphasized the
importance of early detection systems to minimize
health risks. Limitations such as technological
accessibility and data integration were briefly
addressed. Their work suggests that combining
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environmental studies with modern technology can
improve disease control strategies. Overall, the
study provides valuable insights into managing
climate-related health challenges.

Semenza et al., [2022] [2] Semenza and co-authors
analysed the cascading risks associated with
climate change and infectious diseases. Their
research  focused on how interconnected
environmental factors contribute to disease spread.
They explained that climate variations can
indirectly influence human health through multiple
pathways. The authors highlighted the importance
of interdisciplinary approaches in addressing these
challenges. They also discussed the need for better
risk assessment models to predict outbreaks.
Challenges such as uncertainty in climate
projections were identified. Their study emphasized
the role of policy and preparedness in reducing
risks. Overall, the work provides a comprehensive
understanding of climate-driven disease dynamics.

Caminade et al., [2018] [7] Caminade and
colleagues investigated the impact of climate
change on vector-borne diseases. Their study
focused on how temperature and rainfall variations
affect the distribution of disease-carrying vectors.
They highlighted that changing environmental
conditions can expand the geographical range of
diseases. The authors discussed predictive models
that help in understanding future disease trends.
They also pointed out challenges related to data
availability and model accuracy. Their work
emphasized the importance of integrating climate
data with health monitoring systems. It suggests
that proactive planning can reduce the impact of
vector-borne  diseases. Overall, the study
contributes to improved forecasting of disease
outbreaks.

Mora et al., [2022] [13] Mora and co-authors
examined the extent to which climate change
influences human diseases. Their study revealed
that a significant number of diseases are aggravated
by changing environmental conditions. They
analysed multiple pathways through which climate
factors affect disease transmission. The authors
highlighted the need for global awareness and
coordinated efforts to address this issue. They also
discussed the role of public health systems in
adapting to these challenges. Limitations such as
incomplete data coverage were acknowledged.
Their findings stress the urgency of addressing
climate impacts on health. Overall, the study
provides strong evidence linking climate change to
disease severity.

Inam et al., [2025] [16] Inam and colleagues
presented a neural network-based approach for
predicting carbon emissions in industrial sectors.
Their study focused on using machine learning
models to analyse complex environmental data.
They demonstrated how neural networks can
improve prediction accuracy compared to
traditional methods. The authors highlighted the
importance of data-driven  approaches in
environmental management. They also discussed
challenges such as model complexity and data
dependency. Their work emphasized the potential
of artificial intelligence in solving real-world
environmental problems. It suggests that similar
techniques can be applied to health-related
predictions. Overall, the study provides a useful
foundation for integrating Al into environmental
and health research.

I11. DATASET DETAILS

The dataset used in this study is constructed by
collecting information from multiple sources,
including social media platforms, historical
outbreak records, and climate-related data. It
contains attributes such as disease names, news
descriptions, country or location details,
temperature, humidity, and other environmental
factors. Social media data provides real-time
insights into disease-related events, while climate
data helps in understanding environmental
influences on disease spread. Since continuous
access to APIs is limited, the required data is
gathered and stored locally in a dataset folder. This
approach ensures that the system can function
without relying on external services. The dataset
includes both structured and unstructured data,
making it suitable for applying machine learning
techniques. Each record represents a combination
of textual and numerical features. The diversity of
the dataset improves the ability of models to
generalize across different conditions. Overall, the
dataset plays a crucial role in capturing real-world
outbreak patterns.

Before training the models, the dataset undergoes
several pre-processing steps to ensure accuracy and
consistency. Missing values present in different
columns are identified and replaced using
appropriate techniques such as mean substitution.
Textual data from social media is cleaned using
natural language processing methods, including
removal of stop words, special characters, and
unnecessary symbols. Techniques like stemming
and lemmatization are applied to reduce words to
their base forms. After cleaning, the text data is
converted into numerical representations suitable
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for machine learning models. Feature scaling and
normalization are also performed to bring all values
into a consistent range. The dataset is shuffled to
eliminate any bias related to data ordering. These
pre-processing steps help in improving model
performance and reducing errors during training.
Proper data preparation ensures that meaningful
patterns can be extracted effectively.

Once pre-processing is completed, the dataset is
divided into training and testing sets, typically
using an 80:20 ratios. The training data is used to
build and train machine learning models, while the
testing data is used to evaluate their performance.
The dataset supports multiple algorithms, allowing
comparison between Random Forest, Decision
Tree, and Neural Network models. Each data
sample includes both input features and
corresponding output labels related to disease
outbreaks. The structured dataset enables efficient
model training and validation. Visualization
techniques are also applied to understand data
distribution, such as identifying the most common
diseases and affected regions. These insights help
in improving the overall analysis. The dataset
structure allows integration of both text and
numerical features, making it highly suitable for
predictive analytics. Overall, it serves as the
foundation for accurate and reliable disease
outbreak prediction.

IV. PROPOSED METHODOLOGY

The proposed methodology focuses on developing
an intelligent system for predicting disease
outbreaks by integrating data collection, pre-
processing, and machine learning techniques.
Initially, data is gathered from multiple sources
such as social media news, historical outbreak
records, and climate-related information including
temperature and humidity. Since real-time API
access is limited, the collected data is stored locally
to ensure continuous availability. The raw dataset
contains  both  structured and unstructured
information, which requires careful handling before
analysis. This stage ensures that sufficient and
relevant data is available for building the prediction
model. The collected data reflects real-world
scenarios, making the system more practical.
Proper organization of the dataset helps in
simplifying further processing steps. This phase
forms the foundation of the entire system. Reliable
data collection is essential for accurate predictions.

In the next stage, pre-processing and text cleaning
techniques are applied to improve data quality.
Missing values in the dataset are identified and

handled using suitable methods such as mean
replacement. Textual data from social media is
cleaned by removing stop words, punctuation, and
unwanted symbols. Natural language processing
techniques such as stemming and lemmatization are
used to standardize the text. The cleaned text is
then converted into numerical form using
vectorization methods. Feature scaling and
normalization are applied to ensure uniformity
across different attributes. The dataset is shuffled to
remove any bias caused by ordering. These pre-
processing steps help in reducing noise and
improving the efficiency of machine learning
models. Clean and well-structured data leads to
better prediction performance. This stage plays a
critical role in preparing the dataset for modelling.

After pre-processing, the system moves to the
model training phase where multiple machine
learning algorithms are applied. The dataset is
divided into training and testing sets, typically
using an 80:20 ratios. Algorithms such as Random
Forest, Decision Tree, and Neural Network are
trained using the prepared dataset. Each model
learns patterns from the data and tries to classify
disease outbreaks based on input features. Hyper
parameter tuning is applied to improve model
performance and avoid overfitting. The models are
evaluated using metrics such as accuracy,
precision, recall, and F1-score. Among the tested
models, the Neural Network shows better
performance due to its ability to capture complex
relationships. Comparative analysis is performed to
identify the most suitable model. This step ensures
that the best-performing algorithm is selected for
deployment.

Finally, the trained model is integrated into a Flask-
based web application to provide real-time
prediction capability. The web interface allows
users to input news descriptions along with climate
details such as temperature and humidity. The input
data is processed using the same pre-processing
techniques applied during training. The trained
model then analyses the input and predicts the
possible disease outbreak. The output is displayed
clearly to the user, making the system easy to use.
This integration demonstrates the practical
application of machine learning in real-world
scenarios. The system provides quick and reliable
predictions, which can help in early warning and
decision-making. Visualization tools are also used
to represent results and trends effectively. Overall,
the methodology offers a complete framework for
intelligent disease outbreak prediction.

Received: 14-03-2026 | Accepted: 21-04-2026 | Published: 27-04-2026

1IDIM, 2026, 5 (2(3)), 577-584 | 580



ISSN: 3068-272X

International Journal of

DATA SCIENCE AND IOT MANAGEMENT SYSTEM

Peer Reviewed, Referred & Indexed Journal
www.ijdim.com

Original Research Paper

Tet Cobartme L ] el T & s Practezion § Dnployment

b == daig ==
s

Bonser  Burwen bt
Pomd  The Mt

. * by & W
& =1 ; ] . T -'
o | R S | pesies
e stee
4 « bl
<P ]
“2ha Ve (B
3

Figure [1]: System Architecture for the
proposed system

The figure [1] illustrates the overall system
architecture of the proposed disease outbreak
prediction model, showing the flow from data
collection to final prediction. It highlights key
stages such as pre-processing, feature extraction,
model training, and deployment through a web
application. The diagram clearly represents how
multiple data sources and machine learning
algorithms work together to generate accurate
outbreak predictions.

V. RESULT AND DISCUSSION

The developed system was  successfully
implemented using a Jupyter  Notebook
environment and tested across all modules,
showing stable and efficient performance. The data
collection and pre-processing stages worked
effectively, ensuring that noise and missing values
were handled properly before model training. The
Natural Language Processing techniques applied to
social media data helped in extracting meaningful
information from unstructured text. The machine
learning models demonstrated strong learning
capability, with performance improving after
proper feature scaling and normalization. Among
the evaluated models, the Neural Network achieved
the highest accuracy of around 92%, indicating its
effectiveness in capturing complex patterns.
Random Forest and Decision Tree also provided
reliable results with accuracy close to 85%.
Visualization graphs clearly showed differences in
model performance and supported comparative
analysis. Overall, the system successfully
combined data processing, machine learning, and
web deployment to deliver accurate outbreak
predictions.

Figure [2]: Dataset Loading and Initial
Visualization

Figure [2] shows the initial step where the collected
dataset is loaded into the system for analysis. The
dataset includes social media news, disease names,
country information, and climate-related attributes.
This step ensures that all data is correctly structured
and ready for processing. Visualization at this stage
helps in understanding the distribution of different
diseases and identifying key attributes. It also
allows verification of dataset correctness before
further processing. Proper data loading is essential
for maintaining consistency throughout the system.
This stage forms the starting point for the
prediction pipeline

Countrins wah Hignest Numbar of Outtiresks

Figure [3]: Disease Distribution and
Country-wise Analysis

Figure [3] shows graphical representations of
disease distribution and country-wise outbreak
frequency. The bar charts display the number of
occurrences of different diseases and affected
regions. These visualizations help in understanding
patterns within the dataset. They also provide
insights into which diseases are more frequent and
which regions are highly affected. This analysis
supports better interpretation of data trends. It also
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helps in validating the dataset before training.
Visualization plays an important role in exploratory
data analysis.
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0 Random Forest 85333333 67.243867 71428571 68.690476
1 Decision Tree 85333333 81.349206 82380952 79.393539
2 Neural Network 92.000000 91.403834 88412698 87.785336

Figure [4]: Model Training and Performance
Evaluation

Figure [4] presents the training and evaluation of
machine learning models including Random Forest,
Decision Tree, and Neural Network. The models
are trained using processed data and evaluated
using accuracy, precision, recall, and F1-score. The
Neural Network model achieved the highest
accuracy, followed by Random Forest and Decision
Tree. The comparison graph clearly shows the
performance differences among models. This helps
in selecting the most suitable algorithm for
prediction. The results confirm that advanced
models perform better on complex datasets. This
stage validates the effectiveness of the proposed
approach.
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Figure [5]: Disease Outbreak Prediction Results

Figure [5] shows the final output of the system
where predicted disease outbreaks are displayed
based on user input. The system successfully
identifies diseases such as Zika virus and COVID-
19 from given news data. The predictions are
generated quickly and accurately, demonstrating
the system’s efficiency. This output confirms that

the model can analyse real-time-like data
effectively. It also highlights the practical usability
of the application. The results validate the overall
performance of the system in predicting disease
outbreaks.

DISCUSSION

The results of the proposed system demonstrate
that integrating social media, historical, and climate
data significantly enhances the accuracy of disease
outbreak prediction. The preprocessing stage,
particularly natural language processing, played a
key role in extracting meaningful information from
unstructured text. Machine learning models
effectively captured patterns within the dataset,
with the Neural Network achieving the highest
performance, followed by Random Forest and
Decision Tree. Evaluation metrics showed a good
balance between accuracy, precision, and recall,
confirming model reliability. Visualization tools
helped in understanding data trends and comparing
model performance. However, the system relies on
previously collected data, which may limit real-
time adaptability. Data noise and limited API
access also pose challenges for continuous updates.
Despite these limitations, the system provides a
strong and practical framework for intelligent
disease outbreak prediction.

VI. CONCLUSION

The proposed system presents an effective
approach for predicting disease outbreaks by
combining machine learning techniques with
diverse data sources such as social media, historical
records, and climate information. The use of
preprocessing methods and natural language
processing helped in improving data quality and
extracting meaningful features. Multiple machine
learning models were applied and evaluated, with
the Neural Network showing the best performance.
The system demonstrated its ability to identify
patterns and generate accurate predictions.
Visualization and analysis further supported the
reliability of the results. Overall, the model
provides a useful tool for early detection of disease
outbreaks.

This work highlights the importance of integrating
artificial intelligence into healthcare analytics for
better decision-making. The system reduces
dependency on traditional methods and offers faster
prediction capabilities.  Although there are
challenges such as data availability and noise, the
framework can be improved with real-time data
integration. Future enhancements may include
advanced deep learning techniques and larger
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datasets. The approach can also be extended to
other predictive healthcare applications. Overall,
the study contributes to the development of
intelligent systems for public health management.

10.

REFERENCES

Liao H., Lyon C.J.,, Ying B., and Hu Y. (2024).
A study discussing the influence of climate
change on emerging infectious diseases and
highlighting modern technological solutions to
address these challenges. Emerging Microbes
& Infections.

Semenza J.C., Rocklév J., and Ebi K.L.
(2022). An analysis of how climate change
contributes to interconnected risks and the

spread of infectious diseases. Infectious
Diseases and Therapy.
Metcalf C.J.E., et al. (2017). Research

exploring the role of climatic factors in
shaping infectious disease patterns, along with
current challenges in this area. Proceedings of
the Royal Society B: Biological Sciences.
Hauser N., Conlon K.C., Desai A.N., and
Kobziar L.N. (2021). A study examining how
climate variations influence the movement and
spread of infections across North America.
Infection and Drug Resistance.

Ali AH., Shaikh AJ., Sethi I., and Surani S.
(2024). A review focusing on the role of
climate change in the emergence and
worsening of infectious diseases globally.
World Journal of Virology.

Tuladhar R., Singh A., Varma A., and
Choudhary D.K. (2019). An investigation into
how climatic conditions affect dengue
outbreaks in epidemic regions of Nepal. BMC
Research Notes.

Caminade C., Mcintyre K.M., and Jones A.
(2018). A study assessing the impact of present
and future climate changes on diseases
transmitted by vectors. Annals of the New York
Academy of Sciences.

Yin N., et al. (2024). Research analyzing the
relationship ~ between  extreme  weather
conditions and infectious disease occurrences
in Belgium over a decade. Journal of Medical
Microbiology.

Liu Z., et al. (2016). A study on the delayed
effects of flooding on the spread of bacillary
dysentery and its impact on wvulnerable
populations in China. Scientific Reports.
McMichael A.J. (2015). An examination of
how extreme climatic events contribute to
outbreaks of infectious diseases. Virulence.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

Grobusch L.C. and Grobusch M.P. (2022). A
discussion on the growing importance of
studying the interaction between
environmental changes and infectious diseases.
International Journal of Infectious Diseases.
Vezzulli L., et al. (2016). A long-term analysis
of how climate factors have influenced Vibrio
bacteria and related human diseases in the
North Atlantic region. Proceedings of the
National Academy of Sciences.

Mora C., et al. (2022). A study showing that a
large proportion of human diseases are
intensified due to climate change effects.
Nature Climate Change.

Campbell-Lendrum D., Manga L., Bagayoko
M.M., and Sommerfeld J. (2015). Research
discussing the implications of climate change
on vector-borne diseases and its impact on
public  health  policies. Philosophical
Transactions of the Royal Society B.

Inam S.A,, et al. (2025). A study proposing a
deep learning-based approach for analyzing
liquid fuel injection processes in combustion
systems. Discover Artificial Intelligence.

Inam S.A., Zaidi S.M.H., Khan A.A., and
Ullah S. (2025). Research presenting a neural
network model for predicting carbon emissions
in industrial and power generation sectors.
Discover Applied Sciences.

Bhagwat, V. B. (2024). A simplified transition from
EBS Payroll to Cloud Payroll: Benefits and
Drawbacks. Journal of Computational Analysis and
Applications, 33(6).

Gajula, S. (2024). Cybersecurity risk prediction
using graph neural networks. Journal of Information
Systems Engineering and Management, 9(4), 3301
3315. https://doi.org/10.52783/JISEM.V914S.13885
Venkata Ramana, P. (2024). Al-driven predictive
analytics in ERP systems for proactive supply chain
optimization. International Journal of Research in
Information Technology and Computing, 8(4).
Shashank, A. (2025). Al-Enhanced ETL Processes:
Leveraging Atrtificial Intelligence for Optimized
Data Integration Systems. Journal Oof
Multidisciplinary, 5(8), 219-225.

Poojari, R. INTELLIGENT SYSTEMS+B108 AND
APPLICATIONS IN ENGINEERING.

Maturi, S. Y. (2021). Blockbond hardening:
Securing pooled-hash protocols against traffic
tampering, MITM hash-rate hijacking, and template
coercion. International Journal of Communication
Networks and Information Security, 13(3), 718-
728.

Maturi, S. Y. (2023). Crowdsourced frontier:
Unveiling autonomous adversarial cybercapabilities
via open Al competition. International Journal of

Received: 14-03-2026 | Accepted: 21-04-2026 | Published: 27-04-2026

1IDIM, 2026, 5 (2(3)), 577-584 | 583



International Journal of

DATA SCIENCE AND IOT MANAGEMENT SYSTEM

Peer Reviewed, Referred & Indexed Journal
ISSN: 3068-272X www.ijdim.com Original Research Paper

Intelligent ~ Systems and  Applications in
Engineering, 11(1s), 275-284.

24. Kumar Adabala, P. (2021). Optimizing ERP
Modernization: A Smart Data Migration Framework
Approach. International Journal of Enhanced
Research in  Science, Technology &Amp;
Engineering, 10(07), 61-72.
https://doi.org/10.55948/ijerste.2021.0708

25. Gummadi, V. P. K. (2023). MuleSoft batch
processing: High-volume streaming architecture.
Computer Fraud & Security, 50-57.
https://doi.org/10.52710/cfs.886

26. Shashank, A. (2025). Self-Healing Data Pipelines
for Enhanced Reliability: A Paradigm Shift in
Enterprise Data Management. Journal of Computer
Science and Technology Studies, 7(8), 1097-1104.

27. Ghali Krishna Harshitha. A Study on the Impact of
Ethical Attitude of Managers on Organizational
Climate. World Journal of Management and
Economics, pp. 1-5.

28. Boyapati, P. K., Susarla, R. S., & Kandula, S. T. R.
(2025, April). Revolutionizing Fraud Detection in
Real-Time Financial Transactions Using Al-Based
Boundary-Integrated Neural Networks with Starfish
Optimization Algorithm. In International
Conference on Computer Vision and Robotics (pp.
75-87). Cham: Springer Nature Switzerland.

29. Boyapati, P. K. Building a centralized data
operations hub for healthcare enterprise integration.
IUSAT-Int.  J.  Sci.  Technol. 16 (2).
https://doi.org/10.71097/1JSAT.v16.i2.3219

30. Pokala, H. K. (2026, April). Agentic Dashboard
Generation from Natural Language on Lakehouse
Platforms. In 2026 International Conference on
Artificial Intelligence, Systems, and Emerging
Technologies (ICAISET) (pp. 1-4). IEEE.

Received: 14-03-2026 | Accepted: 21-04-2026 | Published: 27-04-2026 1IDIM, 2026, 5 (2(3)), 577-584 | 584


https://doi.org/10.71097/IJSAT.v16.i2.3219

